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Saudi is interested in artificial intelligence and machine learning. Ghassan F. Bati!
Governmental interest appears in several forms, most notably creating a ' A B o Gl
generation that masters the skills of artificial intelligence and machine
learning through the approval of the Saudi Ministry of Education to teach
artificial intelligence, machine learning, and data science skills in public
schools and universities. This interest makes it imperative for researchers
to develop Arabic datasets for research and educational purposes,
especially with the popularity of English sources and the absence of
Arabic sources. This study attempts to fill this gap by creating a dataset Learning, Deep Learning
for the Arabic spoken digits from ten to zero and analysing it using Image Clyassification Ima{ge
Orange, which requires no coding. The importance of the study is as Embedding, Audio ’
follows: first Arabic work to establish a balanced audio dataset of spoken ;
Arabic digits from ten to zero; the dataset contains audio files and the
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tabular data generated using deep learning from the spectrograms of the Taaasi 1) Ll
audio files; it is the first Arabic scientific work that uses traditional i o n?h_ﬂ" ‘;;,A\ el

machine learning and deep learning models to create good-performing
models for classifying spoken Arabic digits without coding, which
enables researchers and those interested in various fields to develop
machine learning applications to classify Arabic audio, especially in
mobile phones or in microcontrollers, to stimulate 10T applications and
Tiny machine learning.
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