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Study Summary:

The study aimed to measure the impact of using artificial intelligence
technologies on the performance of technical operations of the Egyptian
insurance sector. The study used the descriptive analytical approach, as the
researchers designed a survey list for this purpose that was distributed
electronically to a sample of (410) individuals from the Egyptian insurance
sector employees at various job levels. The data were analyzed using a
number of descriptive and analytical statistical methods, the most
important of which is the Structural Equation Modeling (SEM) using the
(SPSS version 25) program and the (AMOS 23) program. The study
concluded that there is a direct positive moral impact of the dimensions of
artificial intelligence technologies represented in: (machine learning,
chatbots, expert systems, generative artificial intelligence, and computer
vision) on the dimensions of the performance of technical operations of
the Egyptian insurance sector represented in: (the extent of awareness of
workers in the Egyptian insurance sector of the importance of using
artificial intelligence technologies, improving the performance of the
underwriting process, the accuracy of the risk pricing process, the speed of
claims settlement, detecting fraudulent insurance claims, improving the
level of satisfaction of insurance policyholders, and obstacles The study
also included a set of recommendations, the most important of which is the
rapid application of artificial intelligence technologies in the Egyptian
insurance sector, as artificial intelligence is the optimal strategic choice for
Insurance companies that want to move forward in the new digital arena,
thus moving to what is known as the next generation of insurance
companies based on artificial intelligence.

Keywords: Dimensions of Artificial Intelligence Techniques, Dimensions
of Technical Operations Performance of the Egyptian Insurance Sector,
Structural Equation Modeling (SEM)
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Al in Insurance Market Share (%) by Region (2019-2031)
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CLF: common latent factor. CR: Composite Reliability.

AVE: average variance extracted. HTMT: Heterotrait-monotrait ratio.
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