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Abstract:

This paper aims to shed light on one of the most important topic in
statistics, this topic is could finite mixture distributions. By using two
estimation algorithms, namely: The Expectation Maximization (EM)
Algorithm and The Rough-Enhanced-Bayes Mixture (REBMIX) algorithm.
By building a mixture distribution of Poisson with two, three, and four
components. Then, the results of the estimation and extracted from both
algorithms are compared by simulation using: Bayesian information
criterion (BIC) and the value of the log-likelihood (LL). The study found
that, The estimates extracted using the REBMIX algorithm give better
results in the estimation with all the different cases of simulation.

Keywords: Poisson Distribution, Finite Mixture Distributions,
Maximum Likelihood Estimation, Expectation Maximization Algorithm,
The Rough-Enhanced-Bayes Mixture Algorithm, Simulation.
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Gldladl se Jial aadind Al dakiidl Glaysll edl aal sl ais ey
DS (n) claaliall ae (56 Laxie (of sl 50 Cadlsall sl 13 mloays ¢ Ayl
Bygeall Jo aysill 1) pdf la <5 s hara Galal) @aas Jldal 6 Laiw laa
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P(A,B) P(B|A)P(A)
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o) i ¢ e lee B s A e JS i) JiaY) B P(AB) s sand) Jlaa!
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N fo (X X500 X))
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1Cia ¢ Sae Jlial S

P(A|B) =
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6 =arg maxL(6)
o
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i=1
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e Jias Al 55 clibll ¢ QAT e ¢ ALlS 5 gy calilad) saalie oSy Y olal)
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Lol ¥ il o s Lin e 3l 8155 dla 8 il e ST e f sallall il
5 Gsls Ja wanily Cayer Y Wild X >0 dad (<0 Ladie 43) Cun 3palal) Jsa dLelS 3ygm
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