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Abstract:

In the process bf measuring variables, the measurement pfocess could be
carried out with a high degree of accuracy and thus the researcher can obtain the
correct measurements of the variables and sometimes the researcher may face
difficulty in conducting the measurement process which leads to inaccurate
measurement of the variables and the thus results in what is known statistically as
the measurement error. The measurement error may be in one variable or in all
variables based on the degree of accuracy of the measurement. The simplest
definition of measurement error is the difference between the measured value of the
variable and the real value of the same variable (Y +)Ac_yls) and it is divided into two
types: homoscedastic measurement error and heteroscedastic measurement error.
In the case of incorrect assumptions of the measurement error and inappropriate to
the nature of the data, this will affect the accuracy of the estimate and the efficiency
of the statistical conclusion. _

In this research, the focus will be on the hypothesis of the heteroscedastic
measurement error and it’s suitability to the data, also it's impact on the estimation
results in the case of using the B-splines method. On the practical side, a semi~
paramefric regression mode! (logistic regression) will be used for the data of (429)
corona patients (covid-19) to find out whether there is a relationship between high

blood pressure and infection with the virus or not.
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Veriatls Intercept  avet,pressure Age’ Sex  Duration average temperaiure Pulse
No measurement error
Estimate 04154 -12452 00160 11461 0474 -0.2809 0.4219
otd. Emor  0.1861  0.5387 0'2(? 0.5083  0.2737 0.1942 0.3908
T-Statistic 2.2321 23115 04906 22550 1.7442 -1.4467 1.0796
P-value 0.0165* 0.0185* 0.6183 0.0218* 0.1480 0.1093 0.2648
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P-value 001 <000l*  0.0014° 05164 0.0932 0.0217* 0.0172¢

Note: The superscripts * indicate statistical significance at 0.05 level.
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