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management. Actuarial methodology relies
heavily on the traditional use af
parametric methods, which fit distributions
losses on measured data. However, these
traditional methodologies have certain
weaknesses. We can summarize these
weaknesses  source that parametric
methods are often inappropriate for small
data or that have no known. distribution.
Bootstrap model is versatile and relatiﬁe{y;
easy to use, and can be used to improve

the estimation of loss distributions in

general insurance,

In  this  paper, we diséuss ~ some
applications of modern  methods of
ronparametric statistics (boolstrap) for
modeling loss dis{ributions. The resiéart;b
initiate with an explanation’of the c';oncept’
of bootstrap and the ma!hemérical basis of
it, and its bas;‘c applications. Boolstrap
technique was applied to compensation
paid in the supplementary motor insurance
data. It was also discussed how to apply
bootstrap in the case of e.feductibles or

seiting limits on the policy.
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