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ABSTRACT:

Comprehensive Automobile Insurance branch is considered as one of
the most important branches of general insurance. It is ranked as the first order
in terms of premiums. It represents 23% of the total premiums of the general
insurance portfolio in the Egyptian market and represents 24% in terms of
claims paid for direct operations. Therefore, this research aims to use the

method of neural networks in the study of the factors affecting the claims in the



comprehensive auto insurance branch and the attempt to predict the claims of
this branch. The research recommended that its preferable to use the
Multiplayer Neural Network (MLP) model in the case of 3 independent

variables, to support the amounts of claims in this branch.
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