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t- Statistic  prob.*

Augmented Dickey — fuller test statistic -0.409303 0.5342

Test critical

Values 1%level -2.583444
5% level -1.943385
10% level -1.615037
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t-Statistic Prob.*

Augmented Dicky — fuller test statistic - 11.13837 0.0000

Test critical

Values 1%level -2583744
5%level -1.943427
10%level -1.615011
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t- Statistic prob.*

Augmented Dickey — fuller test statistic 0.368096 0.7893

Test critical

Values 1%level -2.583744
5% level -1.943427
10% level -1.615011
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T- Statistics Prob.*

Augmented Dickey — fuller test statistic - 6.325524  0.0000

Test Critical

Values: 1%level -2.583744
5%level -1.943427
10%]level -1.615011
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A comparison between the Holt-winters and SARIMA Models for
ForecastingSome Dairy Products monthly prices

Prof. Dr / Kamal Sultan Salem Dr. / Gaber Abdel Atty Mohamed

Summary:

Forecasting future prices is one of the most important issues that are beyond all
strategic and planning decisions.

This research compares the forecasting performance of Holt-winters exponential
smoothing (HWES) and SARIMA models for whole milk powder, skim milk powder
and butter.

Data comprised the series of monthly prices from September 2006 to May 2017,
the results of this study showed that the suitable and efficient model to represent the
data of the time series according to AIC, BIC, RMSE, MAPE criteria with the
smallest values are the fitted SARIMA models.

According to these results, the future prices of these products has been
forecasted (out of sample) from June 2017 to May 2018, the accuracy of these
SARIMA models forecasting 90.34%, 89.6% and 87.23% respectively.

Key words: Monthly prices series, Holt-Winters. SARIMA Forecasting, accuracy criteria,
dairy products.



