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Summary:

Social computing is a vital field in which interaction occurs
across the Internet; and this interaction means understanding the opinions
of users. The study in the field of sentiment analysis increases day by day
due to the increased use of social media, because these sites allow people
to freely express their opinions and share with others about anything
specific. Recently, the use of Web applications based on artificial
intelligence technology such as interactive chat robots has resulted in
providing an adaptive, smart, mobile, multimedia-based learning
environment in the light of an educational system capable of representing
the important role hoped for in order to adapt the learning environment
according to different learning styles of learners. This learning system
also provided the ability to express their opinion and feelings in the way
of teaching using chat robots and feedback, and thus their opinion in the
electronic course. This paper presents a suggested approach for exploring
students' feelings regarding the role of interactive chat robots in enriching
the educational process. What is new in this research is that it deals with
the analysis of these feelings in the Arabic language, through which the
student can express his opinion in various linguistic vocabulary. The
proposed technique is implemented using the chatbot application interface
to extract comments, and is then categorized into three groups (i.e.
positive, negative, and neutral) using the probability model for a Bayesian
network. The proposed approach helps improving the learning
environment by providing different forms and analyzing different
sentiments of students.
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