
 

 

 

71 

WTIS



 

 

 

72 

(Kakhani, et al., 2015



 

 

 

73 

 

Lynch, 2008



 

 

 

74 

(Jin, et al., 2015

(Kitchin, 2014

(Rio, et al., 2014



 

 

 

75 

 

 

 

 

 

 

10 V's

https://tdwi.org/articles/2017/02/08/10-vs-of-big-data.aspx



 

 

 

76 

Volume :

 YouTube

 

 

Velocity

Google

Variety



 

 

 

77 

Variability

Veracity

Validity



 

 

 

78 

Vulnerability

linkedIn

Volatility

Visualization



 

 

 

79 

Value

10 V's



 

 

 

80 

 

10 V's



 

 

 

81 

ISIIEEE XploreScopusThomson

Reuters

Nambiar, et al., 2013



 

 

 

82 

(Huang, 1997

hadoopmap Reduce

(Das, et al., 2013

Tableau



 

 

 

83 

(Zhu, et al., 2015

IOT

IOT



 

 

 

84 

(Chen, et al., 2012

 



 

 

 

85 

(Assuno, 

et al., 2015

Amazonمثل   and 

Google  IBM

NetSuite Cloud9 and Job science



 

 

 

86 

(Nielsen, et al., 2000

bits

qubitsometimes qbit



 

 

 

87 

Map ReduceApache SparkStorm

Apache HadoopMahout ApacheDryad

Apache SparkStorm

Apache DrillIngersoll

2009(Li et al., 2012



 

 

 

88 

 Apache Hadoop 

HadoopHDFS

Map Reduce

Map stepReduce StepHadoop

Map step

Reduce Step

 Apache MahoutApache Mahout

Apacheفى Mahout

HadoopMap ReduceApache Mahout

Apache mahout

GoogleIBMAmazonYahooTwitterFace Book

 Apache Spark Apache Spark

UC Berkeley AMP Lab

ApacheSpark



 

 

 

89 

javaScalapythonMap Reduce

HDFSHadoop

Spark

Spark

HadoopApache Spark

RDD

Map Reduce

JavaR

PythonScala

  Dryad

Dryad

Dryad



 

 

 

90 

 Storm :

Hadoop

different topologiesStorm

HadoopMap Reduce

Map Reduce

topologiesStorm

Storm

 Apache Drill



 

 

 

91 

HDFSMap Reduce

 Jaspersoft Jaspersoft

Mango DB

CassandraRedisJaspersoft

ETL

HTML

ETL

 Splunk

Splunk

Dash

BoardSplunk



 

 

 

92 



 

 

 

93 



 

 

 

94 

Acharjya, et al., 2015



 

 

 

95 

REFERENCES 

Lynch C. (2015): Big data: How do your data grow? Nature, 455 pp.28-

29. 

Acharjya D. P.; Dehuri S. and Sanyal S. (2008): Computational 

Intelligence for Big Data Analysis, Springer International 

Publishing AG, Switzerland, USA, ISBN 978-3-319-16597-

4. 

Ingersoll G. (2009): Introducing apache mahout:Scalable,commercial 

friendly machine learning for building intelligent 

applications,White Paper, IBM Developer Works,1-18. 

Li H.; Fox G. and Qiu J. (2012): Performance model for parallel matrix 

multi-plication with dryad: Data flow graph run time, 

Second International Con-ference on Cloud and Green 

Computing, 675-683. 

Zhu H.; Xu Z. and Huang Y. (2015): Research on the security 

technology of big data information, International 

Conference on Information Technology and Management 

Innovation, pp.1041-1044. 

Nielsen M. and Chuang I. (2000): Quantum Computation and Quantum 

Information, Cambridge University Press, New York, USA. 

Assuno M.; Calheiros R.; Bianchi S.; Netto, M. and Buyya, R. (2015): 

Big data computing and clouds: Trends and future 

directions, Journal of Parallel and Distributed Computing, 

79,3-15. 



 

 

 

96 

Kakhani M.; Kakhani S. and Biradar R. (2015): Research issues in big 

data analytics, International Journal of Application or 

Innovation in Engineering & Management, 2(8),228-232. 

Kitchin R. (2014): Big Data,new epistemologies and paradigm shifts, 

Big Data Society, 1(1), 1-12. 

Nambiar R.; Sethi A.; Bhardwaj R. and Vargheese R. (2013): A look at 

challenges and opportunities of big data analytics in 

healthcare,IEEE International Conference on Big Data,17-

22. 

Rio S.; Lopez V.; Bentez J. and Herrera F. (2014):On the use of map 

reduce for imbalanced big data using random forest, 

Information Sciences, 112-137. 

Das T. and Kumar P. (2013): Big data analytics: A framework for 

unstructured data analysis, International Journal of 

Engineering and Technology, 153-156. 

Jin X.; Wah B.; Cheng X. and Wang Y. (2015): Significance and 

challenges of big data research, Big Data research, 2(2), 59-

64. 

Chen X. and Jin Z. (2012): Research on key technology and 

applications for internet of things, Physics Procedia, 561-

566. 

Huang Z. (1997): A fast clustering algorithm to cluster very large 

categorical data sets in data mining, SIGMOD Workshop on 

Research Issues on Data Mining and Knowledge Discovery. 



 

 

 

97 

BIG DATA ANALYTICS AND IMPORTANCE OF 

THIER APPLICATION IN COMMERCIAL AND 

INDUSTRIAL FOUNDATIONS 

 

Ashraf A. El-Kamash(1); Hassan M. Shehata(2) 

Hoda K. Mohamed(2) and El Sayed M. Khater(3) 
1) Post-Graduate Student at Institute of Environmental Studies and 

Research, Ain Shams University 2) Faculty of Engineering, Ain Shams 

University 3) National Research Center 
 

ABSTRACT 

With full reliability on modern information systems and digital 

echnologies, a huge amount of data is extracted every day (measured in 

exa byte (1018) byte), resulting from the use of practical applications in 

everyday life such as Internet Objects and Cloud Computing. Analysis 

of this large amount of data (Big Data) requires a lot of effort at 

multiple levels to extract the knowledge needed to make the right 

decision at the right time. Therefore, addressing the analysis of these 

Big Data is an unprecedented field of research and development. The 

objective of this research is to explore the potential impact of Big Data 

challenges, to examine open research issues, and the various tools 

associated with them such as Hadoop, MapReduce. This research can 

be seen as providing a small window to explore the world of Big Data 

growing with tremendous acceleration in its various stages. In addition, 

it opens up new perspectives for researchers to develop solutions, based 

on open research challenges and issues. It also contributes to the 

dissemination of knowledge exchange for the two men to keep pace 

with the development in this field with non-specialized researchers. 



 

 

 

98 

Keywords: Big Data, Hadoop, Map Reduce, Internet Objects, Cloud 

computing. 


